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Data to AI Governance Map
This document maps traditional Data Governance tasks to their AI Governance counterparts. It is designed to help agencies quickly see how existing data practices translate to AI requirements and where additional oversight may be needed.
	Data Governance Task
	Description and Purpose
	
	AI Governance Task
	Description and Purpose

	Data Inventory & Catalog
	Systematically identifying and documenting all data assets, including their source, content, and usage, for easy discovery and management.
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	AI System Registry
	The official catalog of all AI models, linked to the data assets they use. It confirms the AI system's existence, location, and purpose.

	Data Owner & Data Steward Assignment
	Formalizing roles and responsibilities for data assets, ensuring clear accountability for data quality, security, and compliance.
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	AI Owner & AI Steward Assignment
	Directly utilizes the existing governance roles. The AI Steward (often the Data Steward) is responsible for the AI system's data quality, compliance, and Model Card documentation.

	Metadata Management
	Creating and maintaining descriptive, structural, and administrative information (metadata) about data assets to improve understanding and trust.
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	Explainability Documentation
	The model card and local explanations (SHAP/LIME values) serve as technical and business metadata for the AI asset, making its internal logic discoverable and auditable.

	Data Classification & Sensitivity
	Assigning labels (e.g., Public, Internal, Confidential, Restricted) to data based on their sensitivity, value, and regulatory requirements.
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	AI Risk Tier Classification
	Uses the established data classification levels (e.g., Public, Internal, Confidential, Restricted) to determine the AI system's overall risk tier and required scrutiny.

	Data Quality Management
	Defining, monitoring, and improving the accuracy, completeness, consistency, and timeliness of data throughout its lifecycle.
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	Model Input Data Vetting
	Ensures the data used for training and operating the AI system meets quality standards (completeness, accuracy, timeliness) and is fit for its intended, ethical use.

	Data Lifecycle Management & Audit
	Establishing policies and tools for the capture, storage, movement, use, and destruction of data, and ensuring a verifiable audit trail.
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	Continuous Performance Monitoring
	Utilizes existing monitoring and auditing tools to track key metrics like Model Drift and Data Drift, treating the AI output as a critical data stream to be validated.

	Data Ethics & Policy Enforcement
	Establishing and enforcing principles, policies, and standards related to ethical collection, use, and sharing of data to prevent harm and bias.
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	Bias & Fairness Auditing
	Ensures the AI system's outcomes comply with the Commonwealth's principles regarding equity and non-discrimination, directly enforcing the ethical use of state data.

	Data Privacy Impact Assessment (DPIA)
	A formal process to identify and minimize the data protection and privacy risks of a new project or system.
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	Algorithmic Impact Assessment (AIA)
	Extends the DPIA process to specifically assess potential algorithmic harm, bias, and impact on citizen rights and services.

	Data Retention & Disposal
	Defining policies for how long data must be kept to meet legal/business needs and how it must be securely erased once requirements expire.
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	Model Retirement & Archiving
	Follows established state policies for the secure storage or final disposal of the model, associated training data, and audit logs.
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